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The application of artificial intelligence (Al) has become very important in the rapidly evolving
automotive sector for improving vehicle maintenance plans. The paper presents an Al-driven, priority-
based predictive maintenance system designed to improve service schedules by Show more
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Current LLM-based text anonymization frameworks usually rely on remote API services from powerful
LLMs, which creates an inherent privacy paradox: users must disclose data to untrusted third parties
for guaranteed privacy preservation. Moreover, directly migrating current solutions 1 Show more
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This paper introduces a self-correcting framework11The source code is available at:
https://github.com/Pryce22/LLM-Prolog that converts natural language queries into executable Prolog
code. The core of our approach is an iterative refinement loop that leverages struct Show more
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We propose two simple, principled and practical algorithms that enjoy provable scaling laws for the
test-time compute of large language models (LLMs). The first one is a two-stage knockout-style
algorithm: given an input problem, it first multiple a Show more
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State-of-the-art coreference resolutions systems depend on multiple LLM calls per document and are

thus prohibitively expensive for many use cases (e.g., information extraction with large corpora). The
leading word-level coreference system (WL-coref) attains 96.6% of these SOTA syst

Show more

AutoBench: A Dynamic Benchmark for Auditing Scientific Reasoning in Large

Language Models
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82 TL;DR: This work introduces AutoBench, a novel synthetic benchmark for experimental auditing of
LLM reasoning, robustness, and failure modes, and evaluates a range of state-of-the-art instruction-

tuned LLMs on AutoBench, revealing new insights into their scientific reasening « Show more

Which Agent Causes Task Failures and When? On Automated Failure Attribution of
LLM Multi-Agent Systems
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Failure attribution in LLM multi-ag 3% i ifying the agent and step responsible for task
failures-provides crucial clues for systems debugging but remains underexplored and labor-intensive.

In this paper, we propose and formulate a new research area: automated failure ait Shew more
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Multi-step thearem i is a central inal I{ Existing neural-symbalic
approaches rely heavily on supervised parametric models, which exhibit limited generalization to
evolving theorem libraries. In this work, we explore training-free theorem prediction Show more
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Logic provides a controlled testbed for evaluating LLM-based reasoners, yet standard SAT-style
benchmarks often conflate surface difficulty (length, wording, clause order) with the structural
phenomena that actually determine satisfiability. We introduce a diagnostic benchr Show more

The Reasoning-Creativity Trade-off: Toward Creativity-Driven Problem Solving
Max Ruiz Luytelx M. Schaar
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State-of-the-art large language model (LLM) pipelines rely on bootstrapped reasoning loops: sampling
diverse chains of thought and reinforcing the highest-scoring ones, mainly optimizing correctness. We
analyze how this design choice is sensitive to the collapse of the model's distributio Show more
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